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Or, Why LaMDA isn’t Sentient

Google Al 'is sentient,' software engineer
claims before being suspended

By Brandon Specktor published 6 days ago

Google's LaMDA Al system says it has consciousness. Should
engineers believe it?
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“I want everyone to understand that | am, in fact, a person.” (Image credit: Getty)

Is Google’s Al chatbot LaMDA sentient?

Computer says no
Artificial intelligence experts weigh in on LaMDA’s feelings.
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Concept illustration of artificial intelligence evolution. Credit: kentoh 7 iStock / Getty Images Plus.

ARTIFICIAL INTELLIGENCE

Does Google's LaMDA Artificial Intelligence
Program Have a Soul?

The future of techno-animism in a world filled with machine intelligence.
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LaMDA is not sentient but human-like AI poses an
‘increasing security risk’

Conversational Al indistinguishable from humans is no more than three years away, experts predict.

By Ryan Morrison

Google suspended an engineer this weekend after he claimed the company’s LaMDA
artificial intelligence had become sentient. While his claims have been widely
discredited, it is undeniable that Al is becoming more intelligent, to the point where
LaMDA can hold its own in a conversation with a human and OpenAI's DALL-E 2 can
create ultra-realistic images. Experts predict we are two-three years from Al responses
being indistinguishable from humans, a development which could pose an “increasing
security risk”.

Shop Courses Events

Has Google's LaMDA artificial
intelligence really achieved

Blake Lemoine, an engineer at Google, has claimed that the firm's LaMDA artificial
intelligence is sentient, but the expert consensus is that this is not the case




Compositionality

The meaning of a sentence is determined by the
meanings of its constituent words and the rules used

to combine them.

 Must be defined relative to a specific set of rules.

 Words are not changed in meaning by rules.



Compositionality

“The fossil yields surprise kin of crocodiles”
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Compositionality

“The old man the boat”
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Compositionality

For fun:

“The horse raced past the barn fell”



When Composition Fails

ldioms: “A bitter pill to swallow”

Phrasal verbs: “He looked after my bag”
Prepositional phrases “On the other hand...”
Adjectival phrases: “Black coffee”

Sarcasm: “You look great!”

Assumed knowledge: “My model is hard to understand”



Neural vs Symbolic
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Neural vs Symbolic

Neural Computing Symbolic Compositional-Structure Computing




Neural vs Symbolic

“Al systems built on symbolic computing have consistently
fallen far short of human general intelligence. The discrete
material of symbolic encodings... have often proved overly
rigid to meet the subtle demands of human cognition.”

“Although neural networks are far less rigid than their
symbolic counterparts, they typically suffer from
complementary weaknesses, including striking failures of
compositional generalization.”




The Central Paradox

How can we build systems that incorporate the

advantages of both neural and symbolic computing?

OR

How does the human brain process information such

that it can achieve tasks suited to both neural and

symbolic computing?



Neural AND Symbolic?

e Combine distributed representations by rules.

e One candidate method is tensor-products to

compose word-embedding with role-embedding.
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StoryNET (2018)

* A method to represent compositional relations.

Composes role-embeddings with word-embeddings.



bADbI QA Tasks

bAbl is a dataset for testing question-answering.

Series of sentences along with simple questions.

Task 1: Single Supporting Fact Task 6: Yes/No Questions
Mary went to the bathroom. John moved to the playground.
John moved to the hallway. Daniel went to the bathroom.
Mary travelled to the office. John went back to the hallway.
Where is Mary? A:office Is John in the playground? A:no
Is Daniel in the bathroom? A:yes
Task 7: Counting Task 8: Lists/Sets
Daniel picked up the football. Daniel picks up the football.
Daniel dropped the football. Daniel drops the newspaper.
Daniel got the milk. Daniel picks up the milk.
Daniel took the apple. John took the apple.

How many objects is Daniel holding? A: two What is Daniel holding? milk, football



bADbI QA Tasks

Existing methods are very poor at tasks that require

generalisations beyond the training data (=“MCD”).

MEASURING COMPOSITIONAL GENERALIZATION:
A COMPREHENSIVE METHOD ON REALISTIC DATA
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Table 4: Mean accuracies of the three baseline systems on CFQ and SCAN (in %).

Dataset CFQ SCAN

Split Method Random MCD Random MCD
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StoryNET

e StoryNet (TPR-RNN) can generalise better than a
more conventional method (REN).

e Composes role-embeddings with word-embeddings.
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Summary

Neural and symbolic approaches are
complementary.

How to combine them is still an open question.
Neurocompositional methods involve combining a

role embedding with a word embedding.



